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of Hyper-spectral Im ages Based on DM N

CAO Jian‘nongl‘z, GUAN Ze‘qunl, LIDeren
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Three parts of property systems in hyper-spectral remote sensing data are sinply expounded The paper

and conducts segmentation of mage in line with it The

researches and experments indicate that the DMN basedon SA infomation may synthesize relation between spatial and

spectral features existed in hyper-spectral remote sensing data; and provides control for further treatment of image such as

artificial neural networke Lastly we point out future directions of its application and research
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